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OU Context

2014/15

174k students

The average age of our new 
undergraduate students is 29

40% new undergraduates have 1 
A-Level or lower on entry

Over 21,000 OU students have 
disabilities

868k assessments submitted, 395k 
phone calls and 176k emails received 

from students
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A clear vision statement was developed to galvanise effort across the 
institution on the focused use of analytics

Analytics for student success vision

Vision
To use and apply information strategically (through specified indicators) to retain 
students and progress them to complete their study goals

Mission
This needs to be achieved at :
● a macro level to aggregate information about the student learning experience at an 

institutional level to inform strategic priorities that will improve student retention and 
progression

● a micro level to use analytics to drive short, medium and long-term interventions
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Vision in action
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The OU recognises that three equally important strengths are required 
for the effective deployment of analytics

Analytics enhancement strategy

Adapted from Barton and Court (2012)
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outcomes
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Development of early alert indicators

Application of a predictive analytics model to trigger interventions with 
vulnerable students

Calvert (2014)
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Development of early alert indicators

Statistical modelling

2015 cohort

‘Training’ dataset                          

Predictions 
for 2016  
cohort

Output dataset

Factors

Factors

Logistic regression
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Development of early alert indicators

The 30 variables identified associated with success vary in their 
importance at each milestone

Student

(Demographic)

Student –
previous 

study/motivation

Student progress 
in previous OU 

study

Student – module
Qualification / 

module of study

Calvert (2014)



kevin.mayles@open.ac.uk | @kevinmayles
13

Current indicators

Module probabilities

Integrated into 

the Student 

Support 

Intervention 

Tool

Predicts the 

probability of a 

student 

completing and 

passing the 

module
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OU Analyse
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student engagement with learning activities
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OU Analyse

Module fingerprint

time

Assessment 1
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Current indicators

OU Analyse

Predicts the 

submission of 

next 

assignment 

weekly

Deployed 

through OU 

Analyse 

Dashboard
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Outcomes of current pilots

Summary of the interim evaluation of piloting as at March 2016

● There is a mixed picture in the quantitative analysis on the impact in the pilot tutor 
groups on withdrawal rates and assignment submissions (note that tutors are self 
selected and the expectations to intervene are not consistent across the module 
piloting)

● It is a useful tool for understanding students and their participation
● Predictions generally agree with tutors' experience and intuitions of which students 

might potentially be at risk
● A (potential) USP of OU Analyse was the information provided between the 

assignment submission in relation to students' engagement with learning materials
● Overall, all tutors interviewed were positive about the affordances of OUA, and are 

keen to use it again (for a range of reasons) in their next module
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Case studies and vignettes

“I love it it’s brilliant. It brings together things I already do 
[…] it’s an easy way to find information without researching 
around such as in the forums and look for students to see 
what they do when I have no contact with them […] if they 
do not answer emails or phones there is not much I can do. 

OUA tells me whether they are engaged and gives me an 
early indicator rather than waiting for the day they submit”
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http://www.open.ac.uk/students/charter/essential-documents/ethical-use-student-data-learning-analytics-policy

http://www.open.ac.uk/students/charter/essential-documents/ethical-use-student-data-learning-analytics-policy
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Information for students

21
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Scaffolding action

Analytics for Action Evaluation Framework and Toolkit

23
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Real-time progression reports

24
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Real-time progression reports
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Supporting Module Teams

29

Briefed over 80 

staff 

Working with 46 

modules, meeting 

each team at least 3 

times in the year
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Supporting module teams

30

Technology Enhanced Learning Team enabled actions

Module Team enabled actions

Student Support Team enabled actions

Associate Lecturer enabled actions

Library Services enabled actions
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Evaluating the use of the A4A Framework

Technology Acceptance Model (TAM1)

31

● Explains why a user accepts or rejects a technology.

● Perceived usefulness and perceived ease of use influence 
intentions to use and actual behaviour. 

● Identify what factors explain future intentions to use the 
innovation and actual usage behaviour

The Technology Acceptance Model, version 1. 
(Davis, Bagozzi & Warshaw 1989)
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Feedback from Data Source Briefing Workshops

Perceived usefulness (PU) 
● Using the data tools will improve the delivery 

of the module. 
● Using the data tools will increase my 

productivity. 
● Using the data tools will enhance the 

effectiveness of the teaching on the module. 

Perceived ease-of-use (PEOU)
● Learning to operate data tools is easy for me. 
● I find it easy to get the data tools to do what I 

want them to do. 
● I find the data tools easy to use.

Based on Technology Acceptance Model (TAM1)

32

Perceived training requirement
● I expect most staff will need formal training on 

the data tools

Satisfaction with Workshop
● The instructors were enthusiastic in the data 

briefing. 
● The instructors provided clear instructions on 

what to do. 
● Overall, I am satsified with the workshop.
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Feedback from Data Support Meetings

Perceived usefulness (PU) 
● Using the data tools from the support meeting 

will enhance the effectiveness of the teaching 
on the module.

● Using the data tools from the support meeting 
will improve the delivery of my module.

● Using the data tools from the support meeting 
will increase my productivity.

Perceived ease-of-use (PEOU)
● I find it easy to get the data tools used in the 

support meetings to do what I want them to 
do.

● I find the tools used in the support meeting 
easy to use.

● Learning to operate the data tools used in the 
support meeting is easy for me.

Based on Technology Acceptance Model (TAM1)

33

Perceived training requirement
● Based upon my experience with the data tools 

used in the support meeting, I expect that 
most staff will need formal training to use 
these tools.

Satisfaction with Workshop
● The facilitators helped me identify an issue, or 

an action, that could be taken on my module.
● The facilitators provided a clear interpretation 

of my module's data.
● The facilitators were enthusiastic in the 

support meeting.
● Overall, I am satisfied with the support 

meeting.
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Workshop



35

Support meetings
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Support meetings
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Learning design link to success
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Learning design link to success
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Constructivist

Learning Design

Assessment

Learning Design

Balanced-

variety Learning 

Design

Socio-construct. 

Learning Design

Learning Design

150+ modules

Rienties, B. and Toetenel, L. (2016)
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Constructivist

Learning Design

Assessment

Learning Design

Balanced-

variety Learning 

Design

Socio-construct. 

Learning Design

Student 

Satisfaction

Student 

retention 

Learning Design

150+ modules

VLE Engagement
Week 

1

Week 

2

Week

30+

Rienties, B. and Toetenel, L. (2016)

Communication
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Are there any questions?

For further details please contact:
● Kevin Mayles – kevin.mayles@open.ac.uk
● @kevinmayles
● Slideshare: http://www.slideshare.net/KevinMayles
● OU Analyse: https://analyse.kmi.open.ac.uk/
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