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Analytics for student success vision

A clear vision statement was developed to galvanise effort across the
institution on the focused use of analytics

Vision
To use and apply information strategically (through specified indicators) to retain
students and progress them to complete their study goals

Mission
This needs to be achieved at :
e a macro level to aggregate information about the student learning experience at an

institutional level to inform strategic priorities that will improve student retention and
progression

e a micro level to use analytics to drive short, medium and long-term interventions
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Vision in action

Success Dashboards /

outcome_s Reports / Tools
and leading

indicators

Recruit Retain

Indicators
Measures of d
ou:f operational . eSS
performance an fedinto

interventions P

and reports
atrelevant
levels

Evidence of the
drivers of student
success guides
what we do and
what we measure

Evaluation of the outcomes from interventions increases our

evidence base of what drives student success Intervention
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Analytics enhancement strategy

The OU recognises that three equally important strengths are required
for the effective deployment of analytics

Adapted from Barton and Court (2012) kevin.mayles@open.ac.uk | @kevinmayles



Analytics enhancement strategy

Early alert indicators using
predictive analytics

Policy on the ethical use of
student data for learning analytics

Analytics for action evaluation
framework

Impact of learning design on
outcomes
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Development of early alert indicators
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Application of a predictive analytics model to trigger interventions with
vulnerable students
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Development of early alert indicators

Statistical modelling

oo
" 6“0“0

@ 2015 cohort

Logi egres

o

“Training’ dataset

Output dataset

kevin.mayles@open.ac.uk | @kevinmayles



Development of early alert indicators
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The 30 variables identified associated with success vary in their
importance at each milestone

Student -
previous
study/motivation

Qualification /
module of study
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Current indicators

OU Analyse ‘

= - ois) 2015J) - Week 23
i About Analyse o VLE data
i FAQs
. ‘ /2015) average TMA score Il /2014 average TMA score [l [2015) average prediction score [2015) -+ 12014)
Predicts the g
submission of | .| EREER 1
next Name $ | TMA Number of votes [Not Submit] ¢ | Next TMA prediction ¢ | Final result prediction ¢

~  Submit Pass

assignment 00060000
66000
weekly 290000

-+  Submit At risk

[ ]
[
[ ] ~  Submit Fail
060000 =mmm Y submit atrisk
Deployed 960000 =mm -~ Submit —
through OU 005000 m=mmm 2 Submit atrisk
OOCO0OO00 TN Notubwi Fai
gnah/bse d . . . . . . _ ~  Submit Pass
asnpoar OO T W T S i r
@OGO000 < Submit Fail
200000 m=mmm Y Submit At risk
0900000 mm o Submit s
05000 m=mm < submit At risk
OO0 O0 I - Notsbni Fail
. . . . . . _ ~  Submit Pass
Dy
\‘Eg Provide feedback / Report technical issue vinmayles @




Summary of the interim evaluation of piloting as at March 2016

There is a mixed picture in the quantitative analysis on the impact in the pilot tutor
groups on withdrawal rates and assignment submissions (note that tutors are self
selected and the expectations to intervene are not consistent across the module
piloting)

It is a useful tool for understanding students and their participation

Predictions generally agree with tutors' experience and intuitions of which students
might potentially be at risk

A (potential) USP of OU Analyse was the information provided between the
assignment submission in relation to students' engagement with learning materials
Overall, all tutors interviewed were positive about the affordances of OUA, and are
keen to use it again (for a range of reasons) in their next module
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Case studies and vignettes

“I love it it’s brilliant. It brings together things | already do
[...] it’s an easy way to find information without researching
around such as in the forums and look for students to see
what they do when | have no contact with them [...] if they

do not answer emails or phones there is not much | can do.
OUA tells me whether they are engaged and gives me an
early indicator rather than waiting for the day they submit”
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Analytics enhancement strategy

Early alert indicators using
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Policy on the ethical use of
student data for learning analytics

Analytics for action evaluation
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Impact of learning design on
outcomes
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Learning analytics is an ©000000000000000000000000000000000000000000
ethical practice that should
align with core principles,
such as open entry to
undergraduate level study.

Adoption of learning

XXX xx analytics with the OU
requires broad
acceptance of the values
and benefits
(organisational culture)
and the development of
appropriate skills across
the culture.

The OU has a
responsibility to all
stakeholders to use and
extract meaning from
student data for the
benefit of students
where feasible.

Modelling and
interventions based
on analysis of data
should be sound and
free from bias.
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data for learning analytics 03
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paths, interventions, etc.).

The purpose and
The University is transparent boundaries rega.rding
regarding data collection, and the use of learning
will provide students with the ana.ly'tics Shm{l":' be well 0 4
opportunity to update their defined and visible.
own data at regular intervals.

This <
oc,
The 0y . TNt teffs o
nivergies 1V 3bout
o

'Portang
DOULits st et oPmen
9 Ve

http://www.open.ac.uk/students/charter/essential-documents/ethical-use-student-data-learning-analytics-policy kevin.mayles@open.ac.uk | @kevinmayles



http://www.open.ac.uk/students/charter/essential-documents/ethical-use-student-data-learning-analytics-policy
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Learning analytics and you

Note for staff. This page is targeted at the following audiences: student, public. Find out more

University staff look for the best ways to support you in getting good results. But t's not aliways easy to know when we should offer extra help.

« Our excellent tutors are there for you when you need support in your module.
« Our student support teams (SST) are highly trained in providing study advice to fit your circumstances,

« Our IT staff have developed sophisticated systems and statistical methods to help us to be proactive in offering individual support
when we think it might be needed

The techniques of leaming analytics help us to select specific types of information from the data we have and use it to personalise what we
send out 1o students. That way you don't get messages that aren't relevant to you, and we try to send helpful ones at the right time.

To do this we use the data you gave us when you registered - such as your previous educational experience - along with the informaticn we
record during your studies, such as when you submitied an assignment,

Quranalysis of past students also helps us to decide what might be helpful. If, for example, you're studying several modules at once we know
it's worth getting in touch to check that you're ok and let you know about support you might find you need.

Because we're using your data in this new way we've produced a separate policy document: Ethical use of student data for leaming analytics
We developed it by reviewing research on leaming analytics and consulting with students through a student forum. The policy itself is primarily
aimed at staff, but there’s also an associated set of FAQs written from a student perspestive.

How we use learning analytics
Student data is used in three main ways.

« Monitoring: We try to identify students who meet certain criteria, such as submission of assignments or active engagement with their
studies.

« Early waming indicators: This approach is based on statistical analysis of past students and is an indication of the expected
fikelihood of something happening it is not an absolute prediction but an indicater of how likely we think it is (based on the information
we know) that a student will be successful at a particular point. No model can predict outcomes with absolute certainty, and there will
always be things that affect students' progress that are beyond the University's control or knowledge.

However, the predictive models used combine the effects of muliple factors to create the probabilities and have been shown to provide
an aceeptable level of aceuracy at the individual student level. We contact students who are new to study to welcome them, explain
about expectations of workioad, and encourage them to plan ahead. We analyse information that we hold about all of our students to
help us to identify and priortise students who may benefit from a call that can offer additional support or encouragement. It should be
noted that the ethical use of the predictive data is being considered and our use of this data will meet with the university's ethical and
data protection policies.

Evaluating our teaching: We evaluate our teaching and leaming design and technology by aggregating your data to help us make
improvements in, for example, the assessment strategy for a module.
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Scaffolding action
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Real-time progression reports
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Real-time progression reports
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Are A105 - Vcr‘_:;“él—j**?xts and material culture students studying multiple modules?
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Supporting Module Teams

Toolkit

Working with 46 » Support

modules, meeting Support available
each team at least 3 Meetings to module

times in the year teams

/ Data .
(‘ Source Briefed over 80

| Briefing
\ Workshops staff

Mailbox
for ad-

hoc
support
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Supporting module teams

. Technology Enhanced Learning Team enabled actions

. Module Team enabled actions

' Student Support Team enabled actions
‘ Associate Lecturer enabled actions
‘ Library Services enabled actions
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Technology Acceptance Model (TAM1)

Perceived
Usefulness
() A
External Attitude Behayioral Actual
Variables Toward Intention to System Use
Using (A) Use (BI)

Perceived
Ease of Use

(E)

The Technology Acceptance Model, version 1. o Explains why a user accepts or rejects a technology.

(Davis, Bagozzi & Warshaw 1989)
o Perceived usefulness and perceived ease of use influence
intentions to use and actual behaviour.

o Identify what factors explain future intentions to use the
innovation and actual usage behaviour
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Feedback from Data Source Briefing Workshops

Based on Technology Acceptance Model (TAM1)

Perceived usefulness (PU)
o Using the data tools will improve the delivery
of the module.
» Using the data tools will increase my
productivity.
e Using the data tools will enhance the
effectiveness of the teaching on the module.

Perceived ease-of-use (PEOU)
o Learning to operate data tools is easy for me.
o | find it easy to get the data tools to do what |
want them to do.
¢ | find the data tools easy to use.

Perceived training requirement
o | expect most staff will need formal training on
the data tools

Satisfaction with Workshop
e The instructors were enthusiastic in the data
briefing.
e The instructors provided clear instructions on
what to do.
e Overall, | am satsified with the workshop.

kevin.mayles@open.ac.uk | @kevinmayles



Based on Technology Acceptance Model (TAM1)

Using the data tools from the support meeting
will enhance the effectiveness of the teaching
on the module.

Using the data tools from the support meeting
will improve the delivery of my module.

Using the data tools from the support meeting
will increase my productivity.

| find it easy to get the data tools used in the
support meetings to do what | want them to
do.

| find the tools used in the support meeting
easy to use.

Learning to operate the data tools used in the
support meeting is easy for me.

Based upon my experience with the data tools
used in the support meeting, | expect that
most staff will need formal training to use
these tools.

The facilitators helped me identify an issue, or
an action, that could be taken on my module.
The facilitators provided a clear interpretation
of my module's data.

The facilitators were enthusiastic in the
support meeting.

Overall, | am satisfied with the support
meeting.

kevin.mayles@open.ac.uk | @kevinmayles



Satisfaction with Workshop

mTotally Agree  mAgree mNeutral mDisagree mTotally Disagree

Workshop

Qverall, | am satsified with the workshop.

The instructors provided clear instructions on what to do. %

The instructors were enthusiastic in the data briefing.
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Support meetings

Satisfaction wit

h Support Meetings

m Strongly Agree m Agree mNeutral m Disagree  mStrongly Disagree

Overall, | am satisfied with the support meeting.

The facilitators were enthusiastic in the support meeting.

The facilitators provided a clear interpretation of my module's data.

The facilitators helped me identify an issue, or an action, that could be taken

on my module.
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Percieved Usefulness
Workshop

mTotally Agree  mAgree mMNeutral m Disagree mTotally Disagree

Using the data tools will enhance the effectiveness of the teaching on the
module.

Using the data tools will increase my productivity. %

Using the data tools will improve the delivery of the module.
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Percieved Usefulness

Support meetings

Using the data tools from the support meeting will increase my productivity.

Using the data tools from the support meeting will improve the delivery of
my module.

Using the data tools from the support meeting will enhance the
effectiveness of the teaching on the module.

B Strongly Agree B Agree M Neutral B Disagree B Strongly Disagree
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Percieved Ease of use
Workshop

mTotally Agree  mAgree mNeutral mDisagree mTotally Disagree

| find the data tools easy to use. 3

| find it easy to get the data tools to do what | want them to do. 0%

Learning to operate data tools is easy for me.
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_ Perceived Ease of Use
Support meetings

B Strongly Agree ® Agree B Neutral = Disagree B Strongly Disagree

Learning to operate the data tools used in the support meeting is easy for
me.

| find the tools used in the support meeting easy to use.

| find it easy to get the data tools used in the support meetings to do what |
want them to do.
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Perceived trainingrequirement
Workshop

mTotally Agree  mAgree mNeutral mDisagree mTotally Disagree

| expect most staff will need formal training on the data tools
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_ Perceived Training Requirement
Support meetings

M Strongly Agree W Agree M Neutral B Disagree B Strongly Disagree

Based upon my experience with the data tools used in the support meeting,
| expect that most staff will need formal training to use these tools.
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Blackboard "A successful analytics implementation is a cultural challenge, not a technelegical one.” -
Mike Sharkey, WP of Analytics, presenting at the AIR Forum
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